A few years ago I met an academic statistician who was rather jealous of me because I get to analyse real data (it turned out that he simulated all of his). For most of us who use, rather than develop, statistical methods (and get data the hard way) the literature generated by such people is dauntingly mathematical (the manual for my favourite statistical package falls into this category and serves me best as a computer monitor stand). Biologists, and they tend to be Ecologists, have now produced many useful statistical textbooks that explain things using words, biological examples and various degrees of mathematics ranging from none (e.g. Dytham 2003) to moderate (e.g. Crawley 2002). While it may thus seem that enough statistics textbooks have been written, this is in fact not the case. These two new books fully justify their existence and achieve a number of things additional to, or at least better than, any predecessors. None the less they both leave room for future developments, so I doubt that this will be the last ever review of statistics books for biologists.
Grafen & Hails have written a very nice book: I am sure it will be of great use to many biologists. While it does contain algebra, it is pitched towards the easy end of the mathematical continuum so it will be accessible to those life-scientists who originally chose their subject partially because it (apparently) wasn't mathematical (I need look no further than the reflection in my monitor for an example). Statistical concepts are explained mainly using pictures, words and tables. In the early chapters there are attempts to represent ANOVA and regression, etc. geometrically. While I generally applaud nonalgebraic descriptions of statistical procedures, these didn't actually work for me. The most important thing about this book, however, is its structure. The book is almost entirely about parametric techniques that assume normal error variances, i.e. standard ANOVA, ANCOVA, regression and multiple regression (if you want to learn about nonparametric techniques you will need to look elsewhere). Emphasis is placed on the fact that these are all essentially the same technique (they are all 'General Linear Models'), only acquiring different names according to the particular combination of categorical or continuous explanatory variables explored. Thus, understanding one means you can readily understand the others and the field of statistics then takes on a smoother, less disjointed, feel. This, in my view, is an extremely important message in statistics teaching, and this book is ideal for courses organized around that theme.
While I favour this structural emphasis, it also leads to my only major criticism of the book: it does not go far enough. Grafen & Hails do all the necessary groundwork to make the point that General Linear Models are part of a wider family of techniques called 'Generalized Linear Models', but mention this only in passing in an unfortunately short final chapter entitled 'What lies beyond?' A very useful point to grasp is that the normal distribution, assumed by General Linear Models, is part of the 'Exponential' family of distributions, other members of which include the Poisson and the binomial. Each 'standard' parametric technique has non-normal analogues: loglinear analyses for Poisson distributed data (e.g. count data) and logistic analyses for binomially distributed data (e.g. data on proportions). While Grafen & Hails usefully discuss transforming variables to meet the standard assumption of normality, they fail to emphasize sufficiently that for some forms of data it can be better to assume initially a non-normal distribution of error variances. These points are made in a biologist-friendly manner elsewhere (e.g. Crawley 1993; Wilson et al. 1996; Hardy & Field 1998; Wilson & Hardy 2002 ) but could and should, I think, have been made by Grafen & Hails in at least two additional chapters, especially since most statistical packages now support such techniques. In my view, the word 'modern' in the book's title would have been considerably more justified had this been done. On a semantic but related note, there is great potential for confusion of terminology here: throughout their book Grafen & Hails use GLM to refer to General Linear Models, while elsewhere, for example in Quinn & Keough's book, GLM is used as an acronym for the wider family of Generalized Linear Models.
Aside from its conceptual structure, Grafen & Hails' book has many other commendable attributes, such as chapters of digestible length (very suited to 'one lecture per chapter'), with chapter summaries and very good exercises. Examples in most chapters use data sets that are, or appear to be, made up for the purposes of illustration (there are no citations to primary literature at all) yet the authors do not shy from considering what to do in less-then-ideal circumstances, such as 'some data labels were lost making the original orthogonal and balanced design non-orthogonal and unbalanced'. Many examples also serve to highlight design or analysis errors that are commonly made and encourage constructive criticism: learning from mistakes (preferably those of others!) is, I think, a powerful approach. The tone is always helpful and comprehensible and one has the distinct impression that the authors set out to write a really useful and user-friendly book: they have succeeded.
Quinn & Keough have also written a very nice book. The basic skeleton of the book takes a similar structure to that of Grafen & Hails, but many more areas are included (such as Bayesian statistics, logistic regression and multivariate analyses) and, it being a much larger book, there is generally more flesh on those bones that they have in common. For instance, there are four chapters and 165 pages devoted to ANOVA and associated experimental design issues. Quinn & Keough pitch their book at a level that assumes the reader is reasonably familiar with such 
